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Video Anomaly Alarm Optimization Based on Temporal-
Consistency Constraints

Zhang Shiyuan
Department of Information Technology, Shaanxi Police College, Xi'an , Shaanxi 710021

Abstract : A temporal-consistency-based post-processing method is proposed to reduce frequent alarm
transitions and short false alarms caused by fluctuating anomaly scores. At the 16-frame segment
level, it combines exponential moving average, dual-threshold state determination, short—gap merging,
and minimum-duration filtering; operating points are selected on calibration videos. Five repeated
stratified holdout experiments are conducted on UCF-Crime and XD-Violence using scores from the
publicly available pretrained DSANet. At the F1 operating point, false—alarm events per 100 videos
decrease from 59.14 to 24.91 and from 10.81 to 5.97, while alarm transitions decrease by 41.1% and
19.9%, respectively, with frame—-level F1 essentially unchanged. The method requires no retraining and
takes no more than 1.94 ms per video on average, although event recall decreases slightly and alarm
delay increases.
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