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Classification and Extraction of Mangrove Forests in DayaBay,Huizhou Based
on Visible Light from DJI Phantom 4

Yang Feng, Ruan Qifeng, Huang Ying, Peng Yingzi, Han Nianlong’
School of Geography and Tourism, Huizhou University, Huizhou, Guangdong 516007

Abstract : This paper proposes to acquire visible light images with high spatial resolution using unmanned aerial
vehicles (UAVs). Combined with two machine learning algorithms, namely Random Forest and
K-Nearest Neighbor (KNN), classification and identification of five dominant mangrove species in
Huizhou Mangrove Wetland Park are carried out.Experimental results demonstrate that the Random
Forest algorithm achieves an overall accuracy of 94.8972% and a Kappa coefficient of 0.8845, while
the K-Nearest Neighbor algorithm yields an overall accuracy of 94.2155% and a Kappa coefficient of
0.8690. Among the two algorithms, Random Forest presents better stability in classification outputs.
Nevertheless, it has certain limitations in identifying small-area species with confusing spectral features.
This study can provide technical references for remote sensing monitoring of coastal wetlands as well
as the protection and restoration of mangrove ecosystems.

Keywords : Unmanned Aerial Vehicle (UAV); remote sensing; mangrove forests; random forest
classification; K-nearest neighbours
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