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Early Detection of Misinformation in Short Videos Based on Multimodal
Contrastive Learning

Cheng Haotian
Guangdong University of Foreign Studies, Guangzhou, Guangdong 510006

Abstract : Early detection of misinformation in short videos faces the dual challenges of incomplete information
and ambiguous modal correlations. Multimodal contrastive learning effectively captures inter—
modal consistency cues by pulling together cross—modal representations of the same sample and
pushing apart those of different samples. To address the sparse modal features during the early
stages of video posting, this paper proposes a multi-granularity contrastive learning framework that
enhances feature discriminability at the instance level, modality level, and temporal level. A cross—
modal alignment mechanism and a lightweight fast inference strategy are introduced, demonstrating
the method's advantages in both timeliness and accuracy for early detection on public datasets.
Experimental results show that contrast—enhanced features significantly improve the robustness of
misinformation detection.

Keywords : short video misinformation; early detection; multimodal contrastive learning; cross-modal
alignment
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