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Multi-Agent Tax System based on RAG and Tool Use
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Abstract : To address the complexity of tax policies, the diversity of business rules, and the issues of knowledge
gaps and reasoning bias in intelligent question—answering systems, this paper proposes a tax—oriented
multi-agent architecture integrating retrieval-augmented generation (RAG) and tool invocation. The
system adopts a four—layer framework comprising the user layer, agent layer, tool layer, and data
layer, and enables integrated processing of knowledge retrieval, rule reasoning, and tax calculation
through multi-agent collaboration. Experimental results demonstrate that the proposed approach
improves the accuracy, interpretability, and automation level of tax—related question answering.
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