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Bond Default Prediction Based on Functional Data Analysis
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Abstract : When assessing the risk of bonds, traditional credit models mainly rely on the issuer's static financial
statements and external ratings. These models have issues such as low frequency of indicator
updates and a single assessment dimension, which affect the timeliness and accuracy of predictions.
This paper introduces functional data analysis into the field of bond default prediction, combining bond
interest rate features with other feature information, and uses various machine learning algorithms
for default prediction. The results show that models incorporating functional data analysis achieve
significant improvements in multiple metrics.
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Table 4: Confusion matrix of the logistic regression example
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Table 5: Prediction evaluation of logistic regression
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Table 7: Prediction evaluation of random forest
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