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The Impact of Cross-Platform Image Feeding on the Generation Stability
of AIGC Text-to-Image: An Empirical Study Based on Unified Prompt
Conditions

Xie Shangdong, Wang Kaihong, Wang Kuang, Peng Haolin
Guangdong University of Foreign Studies, Guangzhou, Guangdong 510006

Abstract : As text-to-image tools become integrated into creative workflows, the instability of repeated generation
undermines character consistency and production efficiency. Under unified structured Prompt (P2)
conditions, this paper conducts real-world generation experiments (K=15) across four platforms,
comparing changes in character subject consistency between two image feeding conditions: Feed=0 and
Feed=5. Results indicate that most platforms show improved stability after feeding reference images,
though the magnitude of improvement varies across platforms. This study provides a verifiable empirical
basis for the application of image feeding strategies in cross—platform creative processes.
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