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Research on the Fault Diagnosis and Prediction Method of Electrical
Equipment Based on Deep Learning
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Abstract : With the widespread application of electrical equipment in modern industries, ensuring operational
safety and reliability has become a critical concern. Traditional fault diagnosis methods are limited in
feature extraction capacity and diagnostic accuracy, making them inadequate for complex systems.
This paper systematically investigates fault diagnosis and prediction methods for electrical equipment
based on deep learning techniques. Firstly, it reviews the current state of fault diagnosis in electrical
equipment and recent advances in deep learning. Then, the advantages of deep learning in feature
extraction and data modeling are analyzed, and suitable neural network models and improvement
strategies for electrical equipment are explored. Subsequently, a comprehensive framework for fault
diagnosis and prediction is developed, and experiments are conducted to validate the performance
of deep learning models. Finally, the findings are summarized, and future research directions are
discussed. Experimental results demonstrate that deep learning—based methods significantly enhance
diagnostic accuracy and predictive capabilities, providing robust technical support for the operation
and maintenance of electrical equipment."™

Keywords : electrical equipment; deep learning; fault diagnosis; fault prediction; neural networks;
data modeling
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