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Abstract : The general engineering contracting model has shortened the construction project cycle and improved
the efficiency of design and construction synergy. However, in the management of general contracting
projects, the problems of over—limit, over—estimation and loss are common, and the traditional cost
management mode has been difficult to meet the needs of the general contracting mode. This paper
proposes a cost prediction method based on genetic algorithm (GA) optimized BP neural network
according to the cost characteristics of general contracting projects, and effectively improves the
accuracy of cost prediction of general contracting projects by constructing the GA—-BP neural network
cost prediction model for general contracting projects and verifying it by combining with actual
engineering cases.

Keywords : general engineering contracting; cost prediction; GA-BP neural network
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